818 Journal of Biomedical Engineering, Oct. 2019, Vol. 36, No.5

- BEARSHTIE

ZEURHBIEEZRRINLNRAR

IhMA, XEK, @, Fiae', BFE, KBS, BrEC, 2EL, gAK"Y

LAbE M as AR R 2 A B 2 TRt (dbaT 100191)
2. FECA A EE B T EELE (JEAT 100853)

3. IRM R B2 BE (CLIR IR 215123)

4. fRAAE SR e B TARAERR O (bt 100853)

5. fEICA A ERE 228 (dbaT 100853)

6. FEICAE MR B By R O (bat 100853)

7. R R BE B BEYT AR R SIEAN G (JEAT 100853)

CFREZEY oy R 1 3BT R AS T v T o 4 1 PR 2, ik I RS 2 A i3y 1 v A 1 25 R
RNBL. AUNA T 2S5 AR A g SRS AR, S R B T % e (MIT) J1 8 A B 22 500 2 4]
AR WP B 2 E BRI (MIMIC-ITD) AT, F45A 225 mAE B, B T 228U B &1
R, SERLT R R SRR R . R B RTIRTE T 2015 4F 5 H 2 2017 4F 10 AL 19 814 Z A EE
22 941 YABRL YT BE , AL A SRR AR B ARk VRYT L KA SRR R, R TIR BRI R T R Ak
K Datathon 1531, 2 EA 13 NS TE, 2RO 10 1 hy 161 N I RS 2 i b A R T 27
IBFEWESE | G RPN BT M 55 I s A 1 0 B3 S e atE— 20 4 sh R I PRI 19—k s A R
TAE.

[X8IR] 2oRBURIE; SFEEME; BITEERIE; IHKISR 2k

Construction of multi-parameter emergency database and preliminary application
research

WANG Junmei', LIU Tongbo?, SUN Yuyao?®, LI Peiyao“, ZHAO Yuzhuo® ZHANG Zhengbo* %7,
XUE Wanguo®, LI Tanshi®, CAO Desen*’

1. School of Biological Science and Medical Engineering, Beihang University, Beijing 100191, P.R.China

2. Computer Department, Chinese PLA General Hospital, Beijing 100853, P.R.China

3. School of Software, Southeast University, Suzhou, Jiangsu 215123, P.R.China

4. Medical Engineering Support Center, Chinese PLA General Hospital, Beijing 100853, P.R.China

5. Emergency Department, Chinese PLA General Hospital, Beijing 100853, P.R.China

6. Medical Big Data Center, Chinese PLA General Hospital, Beijing 100853, P.R.China

7. Medical Device Research and Development and Evaluation Center, Chinese PLA General Hospital, Beijing 100853, P.R.China

Corresponding author: ZHANG Zhengbo, Email: zhengbozhang@126.com

[ Abstract] The analysis of big data in medical field cannot be isolated from the high quality clinical database, and
the construction of first aid database in our country is still in the early stage of exploration. This paper introduces the idea
and key technology of the construction of multi-parameter first aid database. By combining emergency business flow with
information flow, an emergency data integration model was designed with reference to the architecture of the Medical
Information Mart for Intensive Care III (MIMIC-III), created by Computational Physiology Laboratory of Massachusetts
Institute of Technology (MIT), and a high-quality first-aid database was built. The database currently covers 22 941
medical records for 19 814 different patients from May 2015 to October 2017, including relatively complete information
on physiology, biochemistry, treatment, examination, nursing, etc. And based on the database, the first First-Aid Big Data

Datathon event, which 13 teams from all over the country participated in, was launched. The First-Aid database provides

DOI: 10.7507/1001-5515.201809032

HE4WE: BEXAABFES (61471398) ; W £ B 25 1 F BHX A1 # 91 % (Z181100001918023 ) 5 MM FE & E K ET K
BKAEH L T E (2016MBD-027 )

#EEH: KBHIK, Email: zhengbozhang@126.com

http://www.biomedeng.cn


http://dx.doi.org/10.7507/1001-5515.201809032
http://www.biomedeng.cn

HEEE 2 TR 2 & 20194E 10 H 55363 5553

* 819

a reference for the construction and application of clinical database in China. And it could provide powerful data support

for scientific research, clinical decision making and the improvement of medical quality, which will further promote

secondary analysis of clinical data in our country.

[ Key words] emergency database; acute and critical illness; medical database; clinical decision making
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Fig.3 Treatment flow of emergency patients
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Fig.7 Storage structure of the database bedside monitoring data
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